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PABe— A48 BRI i gkt . FREQIEAEER intnn_create_mat MA%L, REUTH
malloc JMREANHE MR M T o BCAS R, 3R 048 ) BB AT A AR RS R i F . (E R 58
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SERUERIFATR I A A EER 5 3 A BRI L 3 X5 (38 5-1) , 87
PERE ERBUN T BE WIS (325-2), SCREARERM] INT-NN 5 FAELE 1 77 SRR L
WS B, TESR 9 1> epoch I E] TR AR MAMER A, BT BP HME (55 31 4
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%% 5-1 MINIST _ AR B g HERf R X L

Methods Train Accuracy Test Accuracy Reached Epoch

Baseline (BP) 99.17% 97.70% 31th
Baseline (DFA) 97.50% 96.30% 47th
INT-NN 97.64% 97.02% 9th

% 5-2 MNIST AR KPR REXT HE

Methods #Epoch Training Time (Seconds) Time Per Epoch

Baseline (BP) 40 367.99 9.20
Baseline (DFA) 50 496.67 9.93
INT-NN 10 48.58 4.86

A BRI, DFA (EMERIZ S INT-NN [RAERE RN L 30A X, AIFENCSoEE |
RERFT INTNN (FAC K Mep oK) o XV R, 170 RAT 55 il 8977 iR
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WS 1. X, AT A B A BRI 4 bR

1E MacOS b4 Ha17 . /main WEEARUNE S5-3affiR . Il A iR 22 AE fLa F5 anla 5-
3bffRN .
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